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A Variable Step LMS Adaptive Algorithm
Chen Junliang®

Abstract

A variable step LMS adaptive algorithm which varies its step size adaptively
to the sum of absolute error is proposed, The condition of convergence and the
ratio of accuracy of the new algorithm are presented, The noise power of the adap-
tive weights and the tracking capability of the new algorithm are evidently super-
ior to the conventional LMS algorithm both in statiomary and nonstationary inputs,

Also, the computer simulation results are given,
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