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A Rule Extraction Method Based on Decision Tree

HOU Guang-kun X, ZHANG Jin-feng

Abstract: An NNtoDT algorithm is presented. NNtoDT views the problem of extracting a comprehensi-
ble hypothesis from a trained neural network as inductive learning task . In this task, the target cncept
is the function represented by the neural network, and the hypothesis produced by the learning algo-
rithm is a decision tree that appoximates the network. In the process of constmicting tree, three opti-
mization principles are adopted to concisely and accurately describe the knowledge that the networks
have learned. The experiments demonstrate that NNtoDT is able to extract decision tree that closely ap-
proximates the hypothesis learned by the networks, provides superior predictive accuracy to tree learned
directly by conventional algorithm such as C4. 5, and possesses the dharacleristics of generality and
scalability .
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