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A Hidden Markov Model for Single Ion-channel and Restoration of States

LI Pei-xing', LI Cai-xia’, FANG Ji-gian’ , GUAN Yong-yuan®
(1. Department of Mathematics, Sun Yat-sen University, Guangzhou 510275 » China;
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Abstract: A hidden Markov model is built for single ion-channels. In this model, the underlying state sequence of the
channel is a Markov chain, and the observed patch-clamp recording shave normal distributions which depend on the
underlying states. By EM algorithm, the parameters, transition probabilities, means and variations, are estimated.
Based on the hidden Markov model, the information of the observed sequence { Y, ! is used to restore the underlying
states | X, | .
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