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Attributes Relative Reduction Approach Based on Discernibility Function and
Strong Compressible Set Theory
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Abstract: A kind of atiributes relative reduction appwoach based on discernibility function and stiong compressible set is
poposed. In the process of relative reduction of decision table, knowledge is expressed by discemibility matrix. The
concept of stong compressible set is introduced when discernibility function reduced. Efficiency of the reduction is
improved by means of eliminating strong compressible set. It is shown that finding the minimal reduction of a decision
table is an NP hard problem. By the appwach of this paper, the complicated degree of the problem could be reduced and
a great deal of memory space is saved. The practical results show that the approadh is quick and effective in solving all
reduction of decision table.
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