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Fig 1 Experimental semivarogram for totPLFA and
its fitted spherical model
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Fig 3 Codispesion coefficient between totPLFA and sumPAH
against different lag distance
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Fig 2 Contour maps of totPLFA (a) and its kriged standard deviation (b) by block ordinary krging
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Geostatistical Methods for Research on Environmental Pollution

YANG Xiu hong, LI Shi yu
(Department of Environmental Sciences School of Environmental Science and Engineering,

Sun Yat sen University, Guangzhou 510275, China)

Abstract: Autocorrelation is a general statistical property of environmental variables. Geostatistics provides useful tools
to describe, model and predict spatial hetewgeneity of environmental variables. The main applications of geostatistics to
the research on environmental pollution include introducing semivariance analysis to characterize and model the spatial
structures of environmental variables; using kriging methods to estimate values of environmental variables at unsampled
locations; adopting multivariate geotatistics to detect the spatial correlation structures between different environmental
variables; assessing the local uncertainty of predicted unsampled values by indicator geostatistics, and perfoming
stochastic simulation for the spatial distributions of environmental variables. The advantages of geotatistics analysis in
characlerizing and predicting spatial structures and spatial correlations of environmental variables are briefly discussed
using a case study.
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