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Fig.1 Structure of BP network with three layers
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Fig.2 The performance change during the model-training
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Fig.3  Comparison of expected and simulated values of ANN model
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ecological modeling: an introduction{ J]. Ecology Modelling,

GIS and ANN-based Ecological Planning of Forest Landscape in Guangzhou

GUO Luo, XIA Bei-cheng , JIANG Xue-ding
(School of Environmental Science & Engineering, Sun Yat-Sen University, Guangzhou 510275, China)

Abstract: The subject maps of each dominant landscape factor were built under spatial analysis of the geography
information system (GIS), and forest landscape simulative ecological model was established by an artificial neural
network (ANN) . Shape index, fractal dimension, Shannon’s diversity index, contagion index were chosen as output of
the model and system analysis was performed based on the model for assessment and planning of forest landscape of
Guangzhou. The results revealed that the ANN model could be appropriate to study driving mechanism of dynamics of
forest landscape pattern under nonlinear relationship among the natural and social factors. It could be a new simulative
method for analysis of forest landscape dynamics.
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