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Fig 1

Geometnical interpretation of error bias
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Solution of QoS Multicast Routing Problems Based on HGA

XIE Li ming1 » YU Feng ren’, QWU Hai ming2
(1. Guangdong Indusiry Technical College, Guangzhou 510300, China;
2 .Department of Electronics and Communication Engineering, Sun Yat sen University, Guangzhou 510275, China)

Abstract: A hybrid genetic algorithm (HGA ) was presentied to solve the delay and delay jitter vonsirained least-cost
multicast routing problem. Genetic algorithm (CA ) is a kind of parallel optimization algorithm that simulates the
evolution process of a crature, and is suitable for finding optimal solution in a lage and complicated search space. GA
does not need corntinous solution to the pwoblem, and can be easily implemented in parallel distributed process, so that
it is effective in solving QoS multicast routing.

Key words: hybrid genetic algorithm (HGA); multicast; QoS; simulated annealing algorithm (SA ); instructional

preliminary colony building; heuristic crossover operation

A Robust ARMA System Identification Based on the Vector Method

HU Xue jun, ZHAO Hui min, CHEN Guang yi
(Foshan University, Guangdong Foshan 528000, China)

Abstract: To present a new approach to auto Tegressive and moving average (ARMA ) modeling based on the support
vector method, a statistical analysis of the characteristics of the proposed method is carried out. The results show,
compared SVM A RMA with LS, precisions of validation prediction error of the SVM -ARMA improved 1. 2 dB than LS in
some conditions. Besides, the effect of outliers can be cancelled. With using nonlinear kernels, the system will lead to
robust, nonlinear system identification pocedures.

Key words: ARMA modeling; support vector method; system identification; times series



