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Representation of G raph and Its A korithm s Based on BDD

LV Guan-fng SU Kai le LN Han, LUO X ing yw CHEN Qung lung YUE Weiya
(Deparment of Canputer Science Sun Y at sen University G uang zhou 510275 China)

Abstract A symbolic epresen tation of graph based on odered bnairy decisbn diagran (BDD) is given. The way

of how b design algoritms for it is shown As exanples two symbolic algorithm s for connectivity and shortest path

poblans are given respectively.

It is found that the algoritm has obvious advaniages especially when he graph

becan es larger W hen the graph is bo huge to be contained n the memory by the routine method te algorithm

here stillwoiks due to the campact rep esentation of BDD, which is proved expermentally

Keywords BDD: symbolic algorithm;

connectivity  shortest path



