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Duality Theorem for L,-Regularization Problem
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Abstract; L, -regularization problem is a non-smooth unconstrained optimization problem, which is wide-
ly used in the fields such as variable selection, data compression and image processing. Optimality con-
ditions for the solution of L, -regularization problem is given. And a Mond-Weir type dual problem for L,

-regularization problem is formulated, by using these optimal conditions. Finally a weak duality theorem

and a strong duality theorem are proved.
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